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A New Hybrid Recursive Learning Algorithm for
Radial Basis Function Neural Networks

WANG Xiaofan and WANG Zhiquan
(Department of Automatic Control,Nanjing University of Science & Technology * Nanjing,210094,PRC)
SONG Wenzhong

(Institute of Automation,Southeast University » Nanjing, 210096 ,PRC)

Abstract: A new hybrid recursive learning algorithm for the radial basis function (RBF) neural network
is proposed from the viewpoint of hardware implementations and on-line applications. The new algorithm has
superior numerical properties and can be implemented in parallel easily. Finally, recursive identification of
nonlinear systems using RBF network is investigated. The simulations show that the algorithm is very effec-
tive.
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