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The Distributed RBF Neural Network
and Its Application in Soft Sensor

WANG Xudong, SHAO Huihe and LUO Rongfu
(Institute of Automation,Shanghai Jiaotong University « Shanghai, 200030,PRC)

Abstract: This paper first improves the competitive learning algorithm,then a method of hierarchy clus-
tering is proposed. Furthermore,a kind of distributed RBF neural network is constructed and then applied in
the designing of a soft sensor model for a distillation column. Simulation results have shown the effectiveness
of the new network.
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