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A New Adaptive Genetic Algorithm & Its Application in
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Abstract: This paper analyzes genetic evolution process, then proposes a new adaptive genetic algorithm, which efficiently

solves the problem of globlal convergence,and appears good characteristic in optimal problems of multimodal function.
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algorithms)
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new algorithms)
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Fig. 1 Graphies of [unction f(x)
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Table I Performance compasion of three kinds of
genetic algorithms
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