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Abstract: An oplimizing algorithm of detection and classification used in multisensor and multitarget 15 put forward based
on probability statistical model. Information gain is obtained by information entropy and evolution of information entropy, which
denotes uncertainty of target search location, A method of sensor searching target ( stationary or dynamic) is given based on
maximum information gain, Performance analysis shows that, compared with other methods. this is more efficient and its error
probability is less.
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2 H#5#R1E (Stationary target)
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3 B#RZE3h(Dynamic target)
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dx, = A{t)xdt + B(1)dB, t = to, (3.1}
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3.1 MAEHE AR E T A (Evolution of
probability density at measurement )
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4 TEBES 5 AL (Performance analysis and
conclusion)
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