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Abstract: Aiming at the problems of over-fitting and generalization for neural networks, the locally most entropic colored
Gaussian joint input-output probability density function (PDF) estimate is studied, and a new method by means of Chebyshev
inequality is proposed to self-revise respectively according to every cluster. In terms of the method, a random expanded training
set is obtained. The simulation results illustrate that generalization of feed forward neural networks using the expanded training
sets is greatly improved.
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4 {HEZE (Simulation results)
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