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Application of the chain style data recombination method

and neural networks in macroeconomic forecast
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Abstract: It is necessary to model predict and model the economic system and for evalusating economic circulation, simu-
lation, and making development programs. Based on the characteristics of the macroeconomic forecast, such as small data sets and
time-varying, a chain-style data recombination method is presented, which is used for the back-propagation (BP) neural networks
training . This method was applied to real macroeconomic forecast, and achieved the higher forecasting precision than the original

data sets. It also solves the problem how to decide the hidden node numbers for the BP neural networks.
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Fig. 3(b) Fit times using chain style data

4 #5118 (Conclusion)

AR IR R AR B A T T 25
TRl R5, B4 RO T BP f4148 M 28 B T 2 55 Tim et
BB R A D i R MRS iR B SS S BE LU
3 FE a0 SEAFEH B MR B TR T R Bk
AR R NG I, AT T H B S m
FHE ]

£ 3Tk (References) -

[1] JOSEPH B,WANG F H.Exploratory data analysis: A comparison of sta-
tistical methods with artificial neural networks [J]. Conputers & Chemical
Engineering , 1992, 16(4) :413 — 423,

(2] EZER #HZMNEREHRIS(M] . R AEHE R ER R,
1990. '
(JIAO Licheng. The Theory of Neural Nerworks [M].Xi’ an: Xidian Uni-
versity Press, 1990.)

(3] VEAUX R D.A comparison of two nonparametric estimation schemes:
MARS and neural networks [J]. Computers & Chemical Engineering,
1993,17(8); 819 - 837.

EH A

WEKH (1990 —), & W RERR TE¥kREL, T ENRE
FAGHE RN IR GS ARG EE SRR T H R I S
T IEF 3T, E-mail ; chinayrzhi @ hotmail . com;

KHEE (194 —), 5, 198 SR TR R, 1981 4 FL
FHE T K8 TR 4 00, BUT BRFHiM B 7 Lol 8% A 304k 4>
BRUNFERHECSNA. GSL4E SREHSEENEES
B,

WO (1938 ), B, 192 FEFHTIRFR AT A3k
Tl BT K R R TR B U R T B B 2 R U BB IE
5 RGER LIS ATH TR R .


http://www.cqvip.com

