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Abstract: In order to enhance the load forecasting precision. a short-term load forecasting model based on four layers fuzzy
neural networks is presented. By fusing the strong points of fuzzy logic and neural networks, the fuzzy inference and defuzzifica-
tion of this model were both realized by neural networks. The selected membership function made neural network weight values
have definite knowledge meaning,and the input characteristic variables were translated into fuzzy variables by fuzzy layer.On the
fuzzy inference layer, two different fuzzy inference algorithms were put forward to accomplish the fuzzy inference, and it was
confirmed that the fuzzy which had got smaller inference algorithm could achieve better forecasting effect. Finally, the reliable
forecasting output values were gained by proper defuzzification on the output layer. The simulation results showed the validity of

this method .
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Fig. 1 Forecasting model of fuzzy neural networks
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Table 1 Forecasting errors
X HEE 2/ %

Tla 1]

BfEl/h  AEE 1/ % oy PN
0 2.23 1.26 0.36
1 1.09 -2.36 -0.45
2 ~-0.98 1.21 1.12
3 2.45 1.28 -0.12
4 -3.20 -0.62 -1.20
5 -1.91 1.23 0.31
6 2.27 -0.45 —-2.35
7 -2.4 -0.15 0.07
8 2.01 3.01 -2.08
9 ~-1.18 -1.40 1.09
10 2.01 0.89 -1.15
11 -3.07 -0.36 -1.61
12 2.26 -1.33 0.37
13 0.12 0.27 2.27
14 -0.67 0.54 0.65
15 4,12 -1.52 -0.30
16 -2.88 2.01 -1.27
17 2.07 -0.36 1.21
18 0.05 ~-1.95 0.03
19 -3.67 0.47 -1.28
20 -2.11 -1.01 1.32
21 1.41 1.25 ~-1.05
22 -0.85 -0.80 0.69
23 3.24 1.03 0.52
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