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Unified Wiener state filters based on Kalman filtering

DENG Zi-li, GAO Yuan, WANG Hao-qian
(Department of Automation, Heilongjiang University , Harbin Heilongjiang 150080, China)

Abstract: Based on the steady-state Kalman filter and autoregressive moving average ( ARMA) innovation model , the uni-

fied asymptotically stable Wiener state filters are presented for systems with correlated noises, which can handle the state filter-

ing, smoothing and prediction problem in a unified framework. They constitute a new time-domain Wiener filtering algorithm.

The relation between the Kalman filters and Wiener filters is discovered. A simulation example for a target tracking system has

shown their effectiveness.
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5 %5t (Conclusion)
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