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Control strategy of large volume temperature simulating

system based on neural networks
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Abstract; Nonlinearity, big time-constant and slow time-variation are some characteristics of large volume
temperature simulating system, and it is difficult to get a perfect result through normal control method. A new control
method consists of three phases is presented in this paper. When the temperature is far away from the target, Bang-Bang
control is applied so as to achieve fast control. When it is close to the target, neural network control is used in order to
restrain overshooting. Once it arrives at the target, PID control is adopted to overcome the effect of slow time-variation. In
addition , the control and switching algorithms of each phase are also established. Finally ,a practical application example is
given to prove the effectiveness of the proposed approach.
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2 {2 %K B (Control strategy )
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Fig. 1 Principle of the control system
2.1 Bang-Bang #4 ( Bang-Bang control )
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Fig. 4 Principle of the NNPID controller
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Fig. 5 Real time control result
4 %518 (Conclusion)
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