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Mobile robot dynamic path planning based on obstacle prediction and

probabilistic directional weighting
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Abstract: A novel dynamic path planning approach is presented to integrate obstacle prediction with probabilistic
directional weighting and accomplish mobile robot path planning in an unknown and dynamic environment. In order to
predict obstacles’ states exactly, Kalman filter is employed in the path planning. Based on the concept of period planning, a
new probabilistic directional weighting method is presented to complete the real-time path planning combining information
of obstacles and goal. The method is applicable to the complex indoor environment without the prior information of moving
obstacles’ speeds and trajectories. Finally, simulation and experiment results implemented on SmartROB2 mobile robot
show the method’s validity and practicability.
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3 BT RRBZIEBEBERYPRA M (State
prediction of obstacles based on Kalman fil-
ter)

3.1 JAIARIKI (Period planning)
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time planning based on probabilistic direc-
tional weighting method)
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