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Abstract: A new chaos control method based on support vector mact\&d) of adaptive inverse control is proposed
which has excellent nonlinearity approximation abilitydaretter generalization capability. In this control medkan an
identifier is established based on support vector regnesaitd under the inverse condition of control process a obyatr
based on support vector regression also designed. Sionlasults also show that under proposed method, uncertain
Lorenz system with measurement noise can drive the systmestactly to some specific points.
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