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Short-term peak load forecasting

based on fuzzy support vector kernel regression method
JIANG Gang

(School of Manufacturing Science and Engineering, Southwest University of Science and Technology,
Mianyang Sichuan 621010, China)

Abstract: In view of the disadvantages of current methods for load forecasting in power system, a new algorithm
named fuzzy support vector kernel regression method (F-SVKR) is proposed to deal with the problem. Comparison with
some conventional methods, such as the artificial neural network, Kalman filtering algorithm, the method of minimizing
absolute parameter estimation, the support vector machine and so on, have been performed. Expertmental results show
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their performance differences and provide some reference information for the further research in this domain.
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Table 1 Forecasting values of November MW
WS  ANN KF LAPE GSVM FWSVM F-SVFR
57.5075 60.6937 625145 62.5145 58.6232  58.0484  57.4737
54.0786 52.4078 55.0281 53.9800 56.9232 56.3651  55.8070
61.8717 563881 592075 58.6437 61.5277 60.9303  59.7356
60.9795 60.6942 57.6595 57.6595 57.0242 57.0242  58.1880
61.6783 63.2561 66.4189 65.7863 58.8909  58.8909  60.0927
60.9741 543888 56.0205 56.0205 60.5660 59.9722  59.3785
54.2332  53.0607 50.4076 50.4076 54.6909  54.6909  55.8070
54.0100 53.2899 55.9544 554215 55.8576 55.8576  56.9975
52.4895 58.6867 61.6210 55.7524 54.1076  54.1076 552118
56.5664 552158 56.8723 56.8723 59.3517 58.7699  58.1880
58.1571 56.1353 57.8193 57.8193 56.4375 55.8842  55.3308
577516 54.8221 56.4667 56.4667 56.9232  56.3651  55.8070
60.8015 62.0908 63.9535 63.9535 59.8375 59.2508  58.6642
58.6399 583871 55.4678 554678 58.7742 587742  59.9737
53.9593 51.5272 54.1036 53.0730 55.5875  55.0425  54.4975
57.2975 50.0462 52.5485 52.0480 56.9908  56.4375  55.3308
56.7489 60.2413 57.2292 62.0485 55.1311 55.1311  55.6880
573857  60.1192  63.1252  62.5240 61.2824  60.6875  59.4975
56.6324 547916 52.0520 52.0520 583076 583076  59.4975
58.7715 632019  65.0979 65.0979 59.5946 57.8418  58.4261
60.8090 59.5192 62.4951 61.8999 58.0742 58.0742  59.2594
51.8637 59.7080 61.4993 61.4993 55.7089  55.1627  54.6166
53.4240 57.7923 549027 59.5260 54.7775 547775  55.3308
57.9828 58.1571 55.2493 552493 56.6742 56.6742  57.8308
56.5205 51.6018 54.1819 53.6659 53.8742 53.8742  54.9737
60.8279 583360 60.0861 60.0861 59.4732 58.8901  58.3070
545019 547566 56.3993 56.3993 56.1946  55.6437  55.0927
62.0216 57.6234 547422 54.7422 58.5409  58.5409  59.7356
54.9805 563227 59.1388 58.0124 58.5017 57.9282  57.3547
54.8414 60.2362 57.2244 60.8385 57.0168 57.0168  57.5927
Emape  540%  624%  635%  327% 3.23% 321%
Emse  6.62%  7.63%  748%  3.83% 3.62% 3.51%

4 %58 (Conclusions)
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