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Abstract: The prediction performance of double trend time series legenidence relation to its character: the trend
change nature and season fluctuation characteristic. Howihere is no effective way to construct the forecast ntktho
with the Neural Network and this double trend character.eBam circular back propagation network(CBP), a combined
forecast model-CCBP is proposed which separates the wafigtend and the weight of fluctuation from predicted series
data, respectively predicts the two weights, then muégpliwo weight. After comparatively studying the data cades o
some Yunnan tobacco company, it is proved that the CCBP nindie¢ double trend time series has effectively enhanced

the prediction performance.
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Fig. 1 Cigarette saleroom graph of specific sample set
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1999 2000 2001 2002 2003 2004
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108 40555.4 50021.5 49274.0 51258.7 55653.3 54799.6
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Table 2 Prediction comparison among BP,CBP and CCBP %

CCBPi#Y CBPf#Y BPEA!
2004F 58 N N N N - -

WE wmZET POME TRZE TOE BlmE
1A 68430.907  80438.71 0.175473 8444539 0.234024 73642.7676162
2H 95343.879  70365.15 0.261986 61255.77 0.357534 63177.7B37%42
3A 69096.642 75974.8  0.099544  75658.26 0.094963  67068.09 29817
4H 85924.939  84219.93 0.019840 70499.40 0.179522 72887.4051072
5H 77313537 7704421 0.003485 73348.15 0.051293 67390.2828077
61 83382.200  81716.91 0.019977 78510.35 0.058436 71556.2141794
7H 69558.742  67850.47 0.024558 66679.23 0.041407 60750.42266832
8H 82430.125  82698.09 0.003250 79341.91 0.037465 71788.4329063
9H 79166.881  81890.59 0.034404 76317.88 0.035992  70472.0309812
10H 54799.586  57469.66 0.048724 53019.48 0.032481 50617.4876817
114 61613.866  61541.58 0.001173 58555.70 0.049634 53895.8325P62
12H 56696.272  64673.06 0.140693 66845.01 0.1790022 55870.5914863
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