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Noises in interactive genetic algorithms and strategies for
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Abstract: Noises exist in human’s subjective evaluation on individuals in interactive genetic algorithms. There is no
effective way to alleviate the influence of noises on evaluation, which restricts broad applications of interactive genetic
algorithms to complicated optimization problems. In this paper, sources of noises in interactive genetic algorithms are
analyzed in relation with uncertainties and fluctuation in human’s subjective evaluation on individuals; the degree of evalu-
ating cognition and the degree of evaluating fatigue are defined; and a model for noises with 3 phases in interactive genetic
algorithms is proposed. Then, descriptions of the degree of evaluating cognition and the degree of evaluating fatigue based
on individuals’ Hamming distance, and a strategy for reducing noises based on fitness reliabilities are presented. Finally,
the efficiencies of the model for noises and the strategy of reducing noises are validated through the application examples
in fashion design.
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noises in interactive genetic algorithms)
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Fig. 1 Curve of noise intensity
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reducing noises in interactive genetic algo-
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ducing noises in interactive genetic algorithms)
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Table 1 Color’s coding and its value
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Table 2 The results of interactive fashion design
without strategies of reducing noises
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Table 3 The results of interactive fashion design

with strategies of reducing noises
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Table 4 The average evolution generations of boys

and girls with and without strategies

of reducing noises
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