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Interactive genetic algorithms with multiple approximate models
GONG Dun-wei, ZHOU Yong, GUO Yi-nan

(School of Information and Electronical Engineering, China University of Mining and Technology, Xuzhou Jiangsu 221008, China)

Abstract: Human fatigue is a key problem which restricts the application of interactive genetic algorithms to compli-
cated optimization problems. An interactive genetic algorithm with multiple approximate models is proposed to deal with
this problem. In this algorithm, the search space is divided into several subspaces, in which different approximate models
are generated with data from traditional interactive genetic algorithms. The approximate model is applied to approximate
human subjective evaluations on individuals, thus reducing the number of human evaluations and effectively resolving the
human fatigue problem. The efficacy of the algorithm is validated through the performance analysis and the application to

fashion evolutionary design systems.
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Fig. 1 Structure of the neural network for

approximate models
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