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A process neural control algorithm for autonomous underwater vehicle
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Abstract: Process neural network is extended from a traditional neural network by adding an integration operator of
time to better imitate the information processing system of a biological neuron. This is because both the input and output
of motion control system for automatic underwater vehicles (AUVs) is processing vectors which is related with time.
Combining the S function and the pre-planning idea, we develop a motion-control model for the process neuron of an AUV.
Simulation results show that the new control is useful for underwater vehicles, featuring with higher precision, simpler
design, faster response, and better robustness.
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Fig. 1 The process neural
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Fig. 3 Configuration of the process neuron control
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5.3 453 55T (Results and analysis)
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Fig. 4 Simulation result of complex motion control
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Fig. 5 Simulation result of complex motion control by

adding disturbance
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