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Abstract: Discrete particle swarm optimization algorithm based on probability greed method doesn’t provide good
tradeoff between the convergence speed and the convergence percentage. To avoid this disadvantage, a new discrete particle
swarm optimization algorithm is developed by introducing a pseudo power function to the greed function. The probability
of choosing a far discrete position is increased; meanwhile the probability of choosing a near discrete position is decreased.
Premature convergence is well avoided and the convergence percentage is enhanced. The properties of the algorithm are
analyzed. Tests in route-optimization in wireless sensor networks show better results in the application of the proposed

method.
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