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Articulate object tracking based on subspace representation
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Abstract: Subspace representation of articulate object is subject to its variation. In order to deal with this problem, an
articulate object tracking algorithm based on incremental learning is proposed. In this algorithm, graph-cut algorithm is
used to reduce the influence of the background pixels on the object representation. Fast Fourier transform (FFT) is used to
reduce the error of matching between the foreground locations in object regions. Local binary pattern (LBP) can increase
spatial location information of pixels in the object representation. The object features updated online by incremental
learning method can provide more accurate object representation. Experimental results demonstrate that the algorithm is

able to track articulated objects with higher accuracy.
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Fig. 1 Flowchart of the algorithm proposed in this paper
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Fig. 3 Foreground object extractions corresponding to Fig.2
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Fig. 4 Region selection of the foreground segmentation
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proposed in this article in Male skater sequence
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proposed in this article in Dancer sequence
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