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Abstract: For target tracking in the sensor networks, a sensor management scheme is proposed based on conditional

posterior Cramér-Rao lower bounds (CPCRLB). The measurement in the sensor is the received signal strength (RSS) from
the target. The CPCRLB on the mean—squared error of target state estimate is derived based on RSS measurements. The

CPCRLB is used as the criterion for activating a set of optimal sensors to involve in the target tracking. The particle filtering

is employed to estimate the target state and CPCRLB approximately. The online sensor selection is achieved by particle

filtering. The sensor selection schemes based on CPCRLB, unconditional posterior Cramér-Rao lower bounds (PCRLB)

and mutual information are compared by simulations. The simulation results demonstrate the efficiency and superiority of

the CPCRLB-based sensor management.
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Fig. 1 A realization of target trajectory and its estimates
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Fig. 2 MSE and CPCRLB of zq j,
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Fig. 3 MSE and CPCRLB of x5 j,
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Fig. 4 MSE and CPCRLB of target signal power
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