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Passive coherent location with multi-scan clutter sparsity estimation
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Abstract: In order to solve the problem of multi-target passive coherent location in clutter with unknown density, a
multi-scan clutter sparsity estimation and Gaussian mixture probability hypothesis density (MCSE-GMPHD) based multi-
target passive coherent location algorithm is proposed. First, a feedback model that connecting the Gaussian mixture
posteriori intensity with the clutter density estimation is constructed. The potential target-originated measurements are
eliminated by a designed threshold, which helps to reduce the effect on the clutter density estimation of the target-originated
measurements. Second, a multi-scan clutter sparsity estimator is proposed to estimate the nonuniform clutter density online,
that can improve the tracking performance with unknown clutter density. Simulation results verify the effectiveness of the
proposed algorithm.
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Fig. 1 Flow chart of MCSE-GMPHD
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Fig. 7 Target number estimates of MSCSE-GMPHD for
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Table 1 Average for the computational time for
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MCSE

Bk ZC%1 GM-NPHD SCSE ————————
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FEIf/s 07929 1.0382  2.2187 2.3156 2.4984

7 45 (Conclusions)
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