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Abstract: In feedforward control process, requirement of system model should be moved as much as possible, mean-
while, achieve high control precision and extrapolation ability. In this paper, a data-driven algorithm combining iterative
parameter tuning and iterative learning control is proposed. Reference-induced disturbance is compensated by introducing
parameterized feedforward controller and input shaping filter with basis function, and using gradient-descent method to
calculate optimal system feedforward controller. Repetitive disturbance in system is eliminated by introducing iterative
learning control to achieve further improvement of control precision. The proposed algorithm has the advantage of model-
free, high precision and high extrapolation ability. Simulation results are provided in this paper. Experiments of proposed

algorithm is carried on a linear motor system to validate effectiveness and extrapolation ability of algorithm.
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Fig. 1 Control configuration
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