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Abstract: In this paper, the stochastic synchronization problem for Markovian jump neural networks via an event-
triggered mechanism was studied. In order to reduce the amount of data transmission more effectively and save network
resources, an event-triggered mechanism was adopted in this paper. Data can be transmitted when the transmission error
and the state error satisfy the event-triggered condition so that the master-slave systems could synchronize with limited
resources and bandwidth. The stability condition of the error system was obtained by establishing new Lyapunov functional,
utilizing the generalized Dynkin formula, and using the inequality analysis method, which further ensured the stochastic
synchronization of the master system and the slave system. In the end, the simulation experiment was carried out through
MATLAB. The results showed that compared with the sampled data control, the event-triggered control can effectively
reduce the number of data transmissions, and the numerical example verified the feasibility and effectiveness of the results.
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